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ABSTRACT

This descriptive-survey study mapped the perceived quality of youth-tennis coaching in Bali 
Province, Indonesia. Forty-two actively licensed provincial coaches self-rated four domains, 
namely athlete-recruitment models, training-programme design, use of training media, and 
evaluation practice, via a closed-ended questionnaire employing a five-point categorical scale 
(A = very good to E = very poor). The descriptive statistics suggest a clear polarisation in per-
ceived coaching proficiency. In the recruitment domain, 61.90% of coaches rated themselves 
in category A, whereas 26.19% fell to category D (mean = 38 ± 10, scale 0–50). Programme 
design recorded a mean of 58 ± 12 (scale 0–70), with 73.81% in category A and 14.29% in cate-
gory D. Media utilisation emerged as the weakest area: only 47.62% reached category A, while 
16.67% remained in category D (mean = 26 ± 6, scale 0–35). Evaluation practice appeared 
comparatively solid (mean = 32 ± 7, scale 0–40); even so, 14.29% of coaches were clustered in 
category D despite 64.29% achieving A. No coach received an E rating in any domain. These 
disparities may hypothetically be linked to unequal access to coach education, technology, 
and logistical support, although these contextual factors were not directly measured by the 
survey. Practical recommendations include targeted peer mentoring, concise micro-cycle 
training modules, shared-equipment rotation schemes, and routine post-session debriefs. 
Because the study draws solely on coach self-perceptions within a single province, future 
work incorporating on-court observation and athlete outcome data would strengthen the 
ecological validity of these findings.
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INTRODUCTION

Junior tennis players who dominate the U14 or U18 rankings are frequently regarded as future elite 
performers. Yet longitudinal evidence indicates that the pathway to professional status is far less 
predictable than early rankings suggest. In a large-scale investigation, only a small fraction of U14 
champions ultimately reached the professional tier (Brouwers et al., 2012). Even when researchers 
applied logistic regression, discriminant analysis, and neural networks, forecasting accuracy 
remained only moderate (Siener et al., 2021). More recently, Rikken et al. (2026) demonstrated 
through growth mixture modelling that developmental trajectories in talented youth tennis players 
are highly variable, with prediction reliability increasing steadily only after age 13.5 in males.

One major source of prediction error is biological maturation. Athletes who enter puberty early 
appear taller and stronger during early adolescence and are therefore selected more frequently 
(Myburgh et al., 2020). Once their peers complete the growth spurt, performance gaps narrow or 
even reverse (Kramer et al., 2019; Ulbricht et al., 2015). Without accounting for maturation, talent-
identification programmes are prone to systematic bias. Baiget et al. (2025) further confirmed that 
maturity status influences neuromuscular development trajectories across a competitive season, 
underscoring the need to integrate biological age into selection frameworks.

Social dynamics pose a further challenge. Talent flourishes only when coaches, parents, athletes, 
and governing bodies share the same vision (Pankhurst et al., 2013; Pankhurst & Collins, 2013). If 
parents demand quick victories while coaches pursue long-term development, young players can 
experience stress and even burnout (Wolfenden & Holt, 2005; Zhu, 2025). Tagliavini et al. (2024) 
highlighted how commitment, trust, and collaborative role definition within parent, athlete, and 
coach triads facilitate more productive developmental environments.

On the physical side, periodisation theory has advanced considerably. Coaches are now expected 
to regulate training volume and intensity across preparatory, competitive, and transition phases 
(Bulhões-Correia et al., 2022; Scamardella et al., 2020). Internal load is typically monitored via 
session-RPE, whereas external load is tracked through hit count or racket acceleration (Baiget et al., 
2019; Coutts et al., 2010). Unfortunately, coach and athlete perceptions of load frequently diverge, 
causing phase planning to miss the mark (Murphy et al., 2014). Penalva-Salmerón et al. (2026) 
recently demonstrated that game-specific drill demands differ significantly between junior and 
professional players, reinforcing the importance of age-appropriate load management.

Wearable technology offers a practical remedy. IMU sensors in rackets and shoes can tally strokes, 
swing speed, and foot-force distribution (Myers et al., 2019; Whiteside et al., 2017). Similar systems 
have been tested since 2009 (Connaghan et al., 2009) and refined through smart-court or real-time 
platforms (Bortolotti et al., 2023; Buthe et al., 2016). Serve phases can now be analysed automatically 
for technical feedback (Tubez et al., 2017). As a result, data-driven training is increasingly feasible 
(Rigozzi et al., 2023; Ruan & Zhang, 2022; Wang et al., 2018). Meanwhile, Sampaio et al. (2024) 
established through a systematic review that machine-learning applications show considerable 
promise for performance optimisation, talent identification, and injury prevention in tennis.

Technology, however, is merely a tool. Its effectiveness hinges on coaching quality. Warm, trust-
based relationships between coaches and athletes consistently boost performance and well-being 
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(Chao et al., 2023; Jowett, 2017). Multidimensional international coach-education programmes 
covering technique, psychology, and physiology have likewise proved valuable (Crespo et al., 2024). 
An empowering motivational climate enhances coaches’ vitality, whereas clashing organisational 
cultures impede knowledge transfer (Kiamouri et al., 2024; Lenartowicz, 2023). Moulds et al. 
(2025) further demonstrated that an integrated coach-learning framework grounded in ecological 
dynamics and the skilled-intentionality framework positively influenced career progression among 
Australian female tennis coaches.

Programme evaluation also matters. Team-quality indices that track planning through match 
outcomes are now used at elite level (Cai et al., 2022). Data-analytics approaches strengthen tennis 
instruction at universities (Li & Song, 2024). The four-level Kirkpatrick model, comprising reaction, 
learning, behaviour, and results, has been widely adapted to sport (Quinton et al., 2022; Rajeev et 
al., 2009). Clubs that employ structured success metrics tend to perform better (Lower-Hoppe et 
al., 2023).

Although evidence-based coaching in junior tennis is increasingly discussed in the global 
literature, research in Indonesia, particularly in Bali, remains scarce and fragmented. Recent studies 
highlight the importance of aligning multidimensional talent-identification strategies (Nijenhuis 
et al., 2024), precise periodisation and monitoring of training loads (Barraclough et al., 2022), the 
adoption of low-cost monitoring technologies to capture match-play demands (Fleming et al., 
2023), and data-driven evaluation methods that enhance athletes’ self-efficacy (Penalva Salmerón 
et al., 2025). Crespo et al. (2025) recently explored talent development in emerging regions and 
identified structural barriers such as limited infrastructure, resource constraints, and socio-
cultural challenges that parallel conditions in Bali’s tennis ecosystem. Unfortunately, the available 
findings are largely based on European and North American academy contexts, so their relevance 
to Bali’s club ecosystem remains untested. Local coaches, however, play a pivotal role in selecting, 
developing, and assessing athletes, yet their perspectives are rarely documented systematically. This 
gap motivates the present study to comprehensively capture the self-perceptions of Balinese tennis 
coaches. Accordingly, the research focuses on four main aspects: (1) athlete recruitment models, (2) 
training-programme design, (3) training media and facilities, and (4) programme evaluation.

METHOD

This study adopted a descriptive-quantitative survey design. The target population consisted of all 
tennis coaches who were actively coaching in Bali during the 2024/2025 season. Using purposive 
sampling, forty-two coaches, each with at least two seasons of provincial-club experience, were 
recruited as respondents. Data were collected with a closed-ended questionnaire that grouped coach 
self-ratings into five performance categories (A to E) across four domains: athlete-recruitment 
practices, training-programme design, use of training media, and programme evaluation. Three 
coaching-science lecturers assessed the content validity of the draft items and obtained an average 
index of 0.80 or higher. A pilot test involving fifteen coaches outside the main sample yielded a 
Cronbach’s alpha of 0.88, demonstrating good internal consistency.
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All questionnaires were completed in a single on-site session, with the researcher present to 
clarify instructions; each coach finished the form in roughly fifteen minutes. Data analysis was 
limited to descriptive statistics, including frequencies, percentages, means, standard deviations, and 
score distributions, which are reported through tables and bar charts to illustrate overall trends. 
It is important to note that the instrument captures self-reported perceptions of coaching quality 
rather than objectively verified on-court behaviour. The study did not include interviews, field 
observations, or document analysis; consequently, no triangulation procedures were applied, and 
all findings are strictly quantitative.

RESULTS

The following sections report coaches’ self-perceived quality across the four domains. For clarity, 
the narrative highlights the principal trends; full frequency distributions are presented in the 
accompanying tables.

Athlete Recruitment Model
Table 1 displays the distribution of perceived recruitment quality. A pronounced bimodal pattern 
was evident: the majority of coaches (61.90%) rated their recruitment practices as excellent (A), 
whereas a notable minority (26.19%) reported poor (D) practices. No coach fell into the fair (C) or 
very poor (E) bands. The mean perceived recruitment score was 38 ± 10 on a 0 to 50 scale.

Table 1. Perceived Quality of Athlete Recruitment (N = 42)

Score Range Category Frequency (n) Percentage (%)
≥ 40 A (Excellent) 26 61.90

33–39 B (Good) 5 11.90
27–32 C (Fair) 0 –
20–26 D (Poor) 11 26.19
< 20 E (Very Poor) 0 –

Total 42 100.00

Training-Programme Design
Programme design attracted the highest perceived ratings among all four domains (Table 2). Nearly 
three-quarters of coaches (73.81%) placed themselves in category A, while 14.29% remained in 
category D. The mean score was 58 ± 12 on a 0 to 70 scale.

Table 2. Perceived Quality of Programme Design (N = 42)

Score Range Category Frequency (n) Percentage (%)
≥ 60 A (Excellent) 31 73.81

50–59 B (Good) 1 2.38
40–49 C (Fair) 4 9.52
30–39 D (Poor) 6 14.29
< 30 E (Very Poor) 0 –

Total 42 100.00

Training Media Utilisation
Media utilisation produced the weakest perceived scores and the broadest spread across categories 
(Table 3). Fewer than half of the coaches (47.62%) reached category A, and 16.67% remained in 
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category D. The mean score was 26 ± 6 on a 0 to 35 scale. This domain displayed the most even 
distribution, with sizable proportions also in the B (21.43%) and C (14.29%) bands.

Table 3. Perceived Quality of Training Media Utilisation (N = 42)

Score Range Category Frequency (n) Percentage (%)
≥ 28 A (Excellent) 20 47.62

23–27 B (Good) 9 21.43
19–22 C (Fair) 6 14.29
14–18 D (Poor) 7 16.67
< 14 E (Very Poor) 0 –

Total 42 100.00

Programme Evaluation
Programme evaluation followed a pattern similar to recruitment (Table 4): 64.29% of coaches 
perceived their evaluation practices as excellent, yet 14.29% acknowledged poor performance. The 
mean evaluation score was 32 ± 7 on a 0 to 40 scale.

Table 4. Perceived Quality of Programme Evaluation (N = 42)

Score Range Category Frequency (n) Percentage (%)
≥ 32 A (Excellent) 27 64.29

27–31 B (Good) 7 16.67
21–26 C (Fair) 2 4.76
16–20 D (Poor) 6 14.29
< 16 E (Very Poor) 0 –

Total 42 100.00

Across all four domains, no very-poor (E) scores were recorded. Approximately half to two-thirds 
of the coaches perceived themselves as meeting excellent standards, while a smaller but consistent 
group remained in the poor band, suggesting a polarised distribution of perceived coaching quality.

DISCUSSION

This study confirms a clear polarisation in the perceived quality of coaching across Bali’s youth tennis 
ecosystem. Before interpreting the specific domain findings, it is essential to emphasise that all results 
reflect coach self-reports rather than objectively verified on-court behaviour. The patterns described 
below therefore represent perceived coaching proficiency, and the explanatory factors proposed are 
hypothesised contextual drivers rather than direct empirical findings of this survey.

Recruitment. Roughly 62% of coaches perceived their recruitment practices as excellent, which 
may suggest adherence to more systematic approaches to athlete selection, while 26% rated themselves 
poorly, potentially reflecting less structured methods. This bifurcation is hypothesised to stem from 
unequal access to coach-education courses and support infrastructure. Previous literature from 
emerging tennis regions suggests that urban clubs typically benefit from licence programmes and 
robust scouting networks, advantages less available to rural counterparts (Cahill & MacNamara, 
2024; Crespo et al., 2025). If this pattern holds in Bali, it would imply that the opportunity for young 
athletes to be accurately identified remains uneven across the province. However, because the present 
questionnaire did not directly collect data on coach location or educational history, these explanations 
should be treated as contextual interpretations warranting further investigation.
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Programme design. This domain attracted the highest self-perceived ratings, with 73.81% of coaches 
placing themselves in category A. Such elevated self-assessments may partly reflect genuine adoption 
of periodised planning, but they may also be inflated by social-desirability bias inherent in self-report 
instruments (Anderson et al., 2021). Even among the high-scoring majority, practical challenges such 
as long travel between clubs, a shortage of sparring partners, and heavy administrative loads can 
erode implementation consistency over a season. Short workshops on micro-cycle adjustment and 
progressive load management could address this gap without adding logistic strain (Till et al., 2021).

Media utilisation. This domain produced the weakest self-perceived scores, with the broadest 
distribution across categories (A: 47.62%; D: 16.67%). Support technologies such as video analysis and 
ball-feeding machines appear to be underutilised. High purchase costs and limited technological 
literacy are hypothesised to be the main barriers, a pattern consistent with findings in other 
resource-constrained sporting contexts (Aydın et al., 2025). A province-level “equipment library”, 
in which devices rotate among clubs on a needs-based schedule, may maximise utilisation while 
reducing individual investment. This recommendation is directly tied to the specific quantitative 
weakness identified in this domain: the concentration of category-D scores in media utilisation was 
the highest of all four domains, indicating that technology access is the most pressing gap.

Programme evaluation. Coaches generally reported recording training data and skill-test 
results. Follow-up application, however, appears modest. Data often end up archived rather than 
feeding into the next training block. Embedding a brief post-evaluation reflection session in 
which the coach and athlete jointly review results and derive actionable adjustments could make 
the evaluation cycle more effective (Lower-Hoppe et al., 2023). This recommendation targets the 
14.29% of coaches who placed themselves in category D for evaluation, where the gap between data 
collection and data application seems widest.

Limitations. Several limitations should temper the interpretation of these findings. First, the 
study relies exclusively on self-reported coach perceptions from a single province; self-report 
measures are susceptible to social-desirability bias and may not accurately reflect actual coaching 
behaviour (Ciampolini et al., 2019). Second, factors proposed to explain the observed polarisation, 
such as disparities in access to coach education, differences between urban and rural clubs, and 
unequal technology distribution, were not directly measured by the survey instrument. These remain 
hypothesised drivers suggested by related literature and local knowledge rather than empirical 
findings of the present study. Third, the absence of on-court observation, athlete interviews, or 
objective performance data means that findings are indicative of perceived coaching quality rather 
than conclusive regarding actual coaching effectiveness. Future research should employ mixed-
method designs incorporating direct observation and athlete feedback to validate and extend these 
self-perception data.

Practical Implications
The following recommendations are each linked to a specific quantitative weakness identified in 
the results:

Peer-mentoring exchange. High-scoring coaches serve as short-term mentors for lower-scoring 
peers. This directly addresses the 26.19% of coaches in category D for recruitment and is informed by 
recent evidence on the effectiveness of integrated coach-learning frameworks (Moulds et al., 2025).
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Modular competency guides. Competency-enhancement materials are packaged as concise, 
easily applied micro-cycle modules. This targets the 14.29% of coaches in category D for programme 
design, providing accessible resources to improve periodisation planning.

Rotating equipment pool. Shared technological devices, particularly video-analysis tools 
and ball-feeding machines, are allocated to clubs on a rotating, needs-based schedule. This 
recommendation directly responds to the weakest domain: media utilisation, where 16.67% of 
coaches reported poor scores and only 47.62% reached category A.

Routine post-evaluation debrief. Every evaluation session concludes with a brief discussion 
between coach and athlete that informs programme adjustments. This addresses the 14.29% of 
coaches in category D for evaluation, closing the gap between data collection and data-driven 
decision-making.

Together, these steps aim to equalise perceived coaching quality and strengthen Bali’s junior-
tennis development ecosystem.

CONCLUSION

This study reveals a dualistic pattern in the perceived quality of youth-tennis coaching in Bali. On 
one hand, approximately two-thirds of coaches rated their recruitment, programme design, and 
evaluation practices as excellent, suggesting that these coaches may employ relatively systematic 
approaches to athlete selection, training periodisation, and data-informed evaluation. On the other 
hand, a consistent minority of coaches rated themselves poorly across all domains, particularly in 
the use of training media such as video-analysis technology and feeding machines. This perceived 
polarisation may hypothetically be linked to disparities in access to coach education, technological 
resources, and logistical support, although these drivers were not directly measured in the present 
survey and should be investigated in future research.

Low-cost interventions such as peer mentoring, concise micro-cycle training modules, and 
rotating shared-equipment schemes are proposed as potentially effective means for raising 
baseline standards without overburdening clubs. However, it is essential to acknowledge that these 
conclusions rest solely on self-perception data from a single province. Self-report instruments 
may overestimate actual coaching quality due to social-desirability effects. On-court observation, 
athlete feedback, and objective performance outcome data are needed to validate these findings 
and to assess whether the proposed interventions produce measurable improvements in coaching 
effectiveness and athlete development.
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